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ABSTRACT
Telomeres play a key role in replicative ageing and
undergo age-dependent attrition in vivo. Here, we
report a novel method, TelSeq, to measure average
telomere length from whole genome or exome shot-
gun sequence data. In 260 leukocyte samples, we
show that TelSeq results correlate with Southern blot
measurements of the mean length of terminal restric-
tion fragments (mTRFs) and display age-dependent
attrition comparably well as mTRFs.
INTRODUCTION
Telomeres cap the ends of chromosomes and are critical
for the maintenance of genome integrity. In humans, telom-
eres comprise sequences of 5–15 kb TTAGGG tandem re-
peats and their telomere binding proteins (1). In the absence
of telomerase or the alternate pathway, telomeres undergo
progressive attrition, which ultimately leads to replicative
senescence or apoptosis. Thus, telomere length is an indi-
cator of replicative history and replicative potential––two
features of great importance to human health and disease
(2).
Standard methods for telomere length measurement are
generally classified into three categories: (i) Southern blot
analysis of the terminal restriction fragments that mea-
sures the average length (mTRF) and length distribution
of telomeres in a sample of cells (3); (ii) methods that ex-
amine variation in telomere length between chromosomes
and cells, i.e. fluorescence in situ hybridization (FISH) tech-
niques, including Q-FISH (4) and Flow-FISH (5); and (iii)
quantitative polymerase chain reaction (qPCR)-based tech-
niques that measure telomere deoxyribonucleic acid (DNA)
content in relative units (compared to single geneDNA) (6).
Next-generation sequencing has now provided an op-
portunity to obtain genomic information computationally.
Shotgun sequence data contains sequencing reads from the
telomeres just as any other region of the genome. How-
ever, little information about the telomeres can be gained
from standard alignments of these reads to the reference se-
quence. This is because the repetitive nature of the telomeric
regions means that it is not possible to assign with confi-
dence the exact origins of the reads, and also since in the hu-
man reference sequence (build GRCh37), the ends of most
chromosomes are simply stretches of Ns, representing un-
known nucleotides.
Instead, previous studies (7) have shown that information
on telomere length is contained in the number of telom-
ere motif copies (TTAGGG or CCCTAA) found in reads.
Parker et al. (8) applied this idea to cancer samples. How-
ever, cancer samples typically suffer from aneuploidy, com-
plicating the validation of their results by method such as
qPCR (it relies on normalising against a unit copy region).
This may be the reason why the measures in (8) only con-
verge to a low resolution telomere status, defined as either
gain, no change or loss relative to normal control. Addi-
tionally, the vast majority of the samples were paediatric
with mean age 7.5 years, and they did not demonstrate a
relationship between age and their sequence-based telom-
ere length measurement.
Here, we further examine the relationship between reads
containing telomere repeat sequence and telomere length,
and describe software for estimating telomere length based
on genome-wide sequence data. We demonstrate our
method on 260 leukocyte samples (aged 27–74 years, mean
age 51 years) from the TwinsUK cohort (9) that have both
Illumina 100 bp paired-end whole genome sequence and
telomere lengthmeasurements using Southern blotmTRFs.
We also investigate 96 samples from the 1000 Genomes
Project (10) that have both whole genome and exome data.
MATERIALS AND METHODS
We first examined the frequency of reads from the TwinUK
dataset with different numbers of copies of TTAGGG
and also each non-cyclical permutation of TTAGGG as
a control. The frequencies of all non-TTAGGG hexam-
ers showed a monotonic decay as the number of repeat
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Figure 1. Identification of telomeric reads. In cyan, the log scale frequencies of reads with different numbers of TTAGGG repeats averaged across the 260
TwinsUK samples, with corresponding plots for permutations of TTAGGG in other colours. In black, the correlation of TelSeq to mTRF as a function
of the threshold k for the number of repeats per read used in the TelSeq measurement.
Figure 2. Comparison of TelSeq with experimental measure and age in TwinsUK samples. (a) TelSeq estimate of average telomere length plotted against
mTRF estimate; TelSeq (b) and mTRF (c) estimates plotted against age. All average length estimates in kilobases and ages in years.
units increased, with none occurring in a read more than 11
times (Figure 1). In contrast, beyond seven repeats therewas
an increase in the number of reads containing TTAGGG.
We defined reads as telomeric if they contained k or more
TTAGGG repeats, with a default threshold value of k = 7.
These can then be translated into an estimate of the phys-
ical length via a size factor s and a constant length c in l
= tksc, where l is the length estimate, tk is the abundance of
telomeric reads at threshold k and c is a constant for genome
length divided by number of telomere ends 46 (23× 2). The
total number of reads could be a good measure of sequence
depth and thus a reasonable choice for s. However, studies
have shown that DNAmolecules in a sequencing library are
not sampled and sequenced with equal probability, but in-
stead are subject to biases due to differentmolecular proper-
ties such asGC composition––a high value of which favours
more amplification in the PCR step (11). This results in dif-
ferent representations of genome regions and makes defin-
ing s as the total read number not a good estimate. Instead,
we define s as a fraction of all reads with gas chromatogra-
phy (GC) composition between 48 and 52%. The range was
chosen to be close to the telomeric GC composition, which
is 50% at the TTAGGG dense regions (see Supplementary
Figure S1 for results for other GC composition ranges).
This fraction is then converted to amean telomere length es-
timate in kilobases by multiplying by the cumulative length
of genomic regions with the same GC composition c. Con-
sidering the GC composition removed an important source
of experimental error; and effectively increased the signal by
nearly 2-fold, asmeasured by the correlation between exper-
imental estimates (Supplementary Figure S1). This method
is implemented in a program TelSeq which reads one or
more Binary Alignment/Map (BAM) files files and returns
a report with one row per read group present in the input.
We employed simulated datasets to investigate the ef-
fect of sequencing coverage. This was also to discover
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the minimum amount of sequence required for reason-
able length estimation. We chose the reference sequence
(GRCh37) of human chromosome 1 as the sequence source,
but with 30 kb nucleotides (including unknown nucleotide
Ns) removed from each end and replaced with telomere
repeat sequences of the same length. We then simulated
255 synthetic BAMs using the software SimSeq (https:
//github.com/jstjohn/SimSeq) with sequencing coverage in
individual BAMs varying from 0.2X to 10X in 0.2X in-
crements (Supplementary Methods, Supplementary Figure
S2). When applied to all BAMs, TelSeq predicted telomere
length to be on average 29.4 kb with 1.47 kb standard de-
viation (SD) (5% of mean). Significant higher variation was
seen when coverage was below 2.5X (F= 10.5,P= 2.2E−16
in F test) when compared to results from the higher cov-
erage BAMs (Supplementary Figure S2). For BAMs with
>2.5X coverage, TelSeq predicted telomere length to be 29.5
kb with 0.71 kb SD (2.4% of mean).
RESULTS AND DISCUSSION
When TelSeq was applied to the TwinsUK data, the esti-
mates of leukocyte telomere length (LTL) correlated well
with the mTRFs measurements across a range of choices
of k, with correlation ρ = 0.60 at the default threshold k
= 7 (P < 10E−16; Figure 2a). We next examined the re-
lationship between the TelSeq-based LTLs and age of the
donors. Given the wide inter-individual variation in LTLs
for persons of the same age and the impact of environ-
mental factors on this parameter, the correlation between
LTL measurements and age in cross-sectional studies, in-
cluding TwinsUK, is usually modest (12,13). Nevertheless,
since the relationship between measurement and donor age
depends on the true LTL value, the correlation provides a
means for independent assessment of the informativeness of
different experimental techniques for estimating LTL. The
TelSeq measurement displayed correlation of ρ = −0.24
(explaining 6.5% variance of age, Figure 2b) with age, com-
parable to that of mTRF (Figure 2c; ρ = −0.26, explaining
7.5% variance of age) (SupplementaryMethod). The differ-
ence between −0.24 and −0.26 is not significant in a t-test
using a SD derived by bootstrapping (P = 0.79, Supple-
mentary Methods, Supplementary Figure S4). The coeffi-
cient of multiple correlation between age and both LTL and
mTRF was higher than either individual correlation (ρ =
−0.34, explaining 9% variance of age); both measurements
contributed significantly to the underlying linear regression
model (P = 0.016, t-test for the TelSeq term; P = 0.009,
t-test for the mTRF term, Supplementary Methods). This
implies that neither TelSeq nor mTRF captured all the in-
formation available, and that TelSeq contains additional in-
formation independent from that provided by mTRF.
A subset of our samples was sequenced on multiple lanes
in separate runs. They can be considered as technical repli-
cates and used to assess the variability of TelSeq measures.
The coefficient of variation (CV) was computed as the ra-
tio of the SD to the mean across the technical replicates for
each sample. We selected 110 samples that were sequenced
on more than 10 lanes to evaluate the CV and observed an
average value of 3.17%with 0.98% SD (Figure 3), compara-
Figure 3. Sequencing lane variation in TelSeq measures. For each sample
that was sequenced on more than 10 lanes, the SD of the length estimates
across lanes is plotted against the mean length estimate. The CV, defined
as the ratio of the SD to the mean, varies between 1.3 and 6.4%, with mean
3.17% and SD 0.98%.
ble to or smaller than that from the experimental measure-
ments (14).
Notably, the TelSeq estimate of telomere length was con-
sistently shorter than the mTRF estimate (mean 5.63 kb
compared to 6.97 kb), and the mean rate of shortening
per year was consistently greater (34.5 bp/year against 19.8
bp/year) (Figure 2b and c). The mTRF measurements re-
flect the average distance from a restriction enzyme site
(HinfI/RsaI or HphI/MnlI) to the end of a chromosome,
and hence overestimate the canonical region of the telom-
eres of TTAGGG repeats only. Kimura et al. (14) obtained
a similar figure of around 1 kb for the additional sub-
telomeric length included in an mTRF measurement. The
difference between the TelSeq andmTRF estimates changes
as theTelSeq threshold k changes, reflecting inclusion of dif-
ferent amounts of subtelomeric sequence (Supplementary
Figure S5); although the correlation between TelSeq and
mTRF remains similar across a range of values of k (Figure
1).
In addition to whole genome sequence data, a large num-
ber of samples have exome sequence data collected by en-
richment of whole genome shotgun sequencing libraries us-
ing capture reagents. In theory, if the exome capture works
perfectly, it would not be possible to use these data for our
method. However, in practice with current technology, a
typical exome sequencing output contains some fraction
(typically 10–50%) of sequence that is off-target, i.e. not ex-
onic. This fraction represents information on the rest of the
genome and can be used to estimate relative telomere length
by our method. To test this approach, we selected 96 sam-
ples from the 1000Genomes Project pilot that havematched
whole genome and exome sequence and applied TelSeq to
both datasets. We found that when we classify telomeric
reads as those containing more than three TTAGGG hex-
amers, estimates of telomere length from the two datasets
started to be tightly correlated (Supplementary Figure S6).
Using our default threshold of k= 7, the twomeasures have
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a Spearman Rank correlation coefficient 0.78. This result
suggests that TelSeq can effectively work with exome data,
which substantially extends its potential applications.
In conclusion, we have demonstrated an approach for
measuring telomere length using whole genome or exome
sequencing data. This is the first study to our knowledge
to evaluate in detail the relationship between the frequency
of telomere repeats and telomere length; and also to vali-
date extensively with experimental measurements in a rep-
resentative large sample cohort with a wide range of ages.
We have implemented our methods in a software pack-
age that has been made freely available under the GPL
open software licence (https://github.com/zd1/telseq). This
allows any cohort with existing genomewide sequence data,
including increasingly many cancer genomics and epidemi-
ological cohort studies, to produce a validated measure of
telomere length at effectively no cost, with no need for the
further sample collection and experimental procedures re-
quired by other methods of ascertaining telomere length.
SUPPLEMENTARY DATA
SupplementaryData are available at NARonline, including
Supplementary References (15).
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